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Predicting failure of individual financial institutions can have a significant impact on the
economy. To serve as an efficient early warning signal, the accuracy of a failure prediction
model is as important as its robustness over time to failure. In an emerging economy where
ownership concentration and political connection are common, widely documented financial and
economic factors might not have been sufficient in constructing sound models to predict
financial institution failures. Predicting failures of individual financial institutions can have a
significant impact on the economy. To serve as an efficient early warning signal, the accuracy
of a failure prediction model is as important as its robustness over time to failure. In this study,

we collect the data of all financial institutions operating in Thailand for the period 1991-1997.



Then we develop failure prediction models using logistic regression for the financial institutions
during the 1997 East Asian financial crisis. Unlike previous studies, our models incorporate
ownership structure, political connection, as well as financial factors as failure predictors. We
show that only traditional financial variables might not be sufficient to produce models with good
predictive power. It is better to be complemented by ownership structure and political
connection variables to generate sound prediction models with the robustness over time.
Specifically, in our logistic models, 86.25%, 87.27%, 84.87%, 80.36%, and 79.82% of financial
institutions are correctly classified in the models using the data of one, two, three, four, and five
years prior to failure, respectively. We also find that financial institutions controlled by foreign
investors are less likely to fail. This result supports the argument that foreign controlling
shareholders are active monitors of the management, and/or the argument that foreign owned
financial institutions have higher management quality. In addition, control rights held by the
largest shareholder appears to be negatively related with the probability that a financial
institution fails. The result provides evidence for the monitoring effects of controlling
shareholders, and also the interest alignment hypothesis of large and other shareholders.
Moreover, political connection with the Crown Property Bureau reduces the failure likelihood of
the financial institutions. However, political connections via controlling families and the state
play an insignificant role in determining the failure likelihood. Finally, our results suggest
evidence of “too-big-too-fail” policies in the closure procedures of Thai financial institutions

during the East Asian financial crisis.

To develop bankruptcy forecasting model using Adaptive Neuro-Fuzzy Inference
Systems (ANFIS), which is innovatively applied to the area of finance for financial institutions
during an economic crisis, we examine the financial data from non-failed and failed financial
institutions to develop fuzzy rules. Our models show that the prediction accuracy is more than
90 percent for one to five years prior to the failure, indicating the robustness of the models over

time which is appropriate for constructing an effective early warning system.

We also investigate the use of a matrix factorization technique, called Singular Value
Decomposition (SVD), along with financial information and develop a bankruptcy forecasting
model, guided by ownership and political connection parameters. A particle swarm optimization
is also applied to select the best set of predictive variables, then to search for the best neural
network classifier and improve classification as well as generalization accuracies. Carried out
experiments have shown very promising results of our model for financial institution failure

prediction in terms of predictive accuracy and adaptability.
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